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Data Scientist

MODERN DATA SCIENTIST

Data Scientist, the sexiest job of the 2ith century, requires a mixture of multidisciplinary skills ranging from an
intersection of mathematics, statistics, computer science, communication and business. Finding a data scientist is
hard. Finding people who understand who a data scientist is, is equally hard. So here is a little cheat sheet on who

the modern data scientist really is.

MATH PROGRAMMING
& STATISTICS & DATABASE

Computer science fundamentals

Custom reducers
Experience with

DOMAIN KNOWLEDGE COMMUNICATION
& SOFT SKILLS & VISUALIZATION

Passionate ahout the busingss i v Abl 1 senior
Curious about data
Influence without authority

creative
ve

MarketingDistillery.com s a group of practitioners in the area of e-commerce marketing. Our fields of expertise include:
marketing strategy and optimization: customer tracking and on-site analytics: predictive analytics and econometrics: data
warehousing and big data systems: marketing channel irsights in Paid Search, SED. Social. CRM and brand. .
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El Proceso de KDD

INTERPRETACION Y EVALUACION

“—

Conocimiento

Datos Transformados

DATA MINING

CODIFICACION Modelos
LIMPIEZA
/v Datos Procesados

SELECCION S

Efj Efj/ Datos objetivo
Efj Datos
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Estandar de proyecto de Data Mining: Crisp-DM
(www.crisp-dm.org)

Compresion Compresion

del problema | «—— | de los datos.
|
Preparacion
Implantacion de los datos
Modelado

Evaluaciéon /
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Temario

1. Introduccion. El valor de los datos: variedad, velocidad, volumen.
1.1. Big Data
1.2. Data Mining
2. Procesos de Data Mining
2.1. Proceso de KDD
2.2. CRISP-DM: fases
2.3. El preproceso
3. Tipos de problemas de data mining
3.1. Clasificacion
3.2. Clustering
3.3. Asociacién
4. Evaluacion de los resultados: técnicas de evaluacion
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Funcionamiento asignatura

Clases:
e Tedricas
* Practicas: Herramientas (Knime, SPSS, IBM Cloud, ...)
e Practicas en grupos (2-3)

Evaluacion: practica + examen
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Data Science

Data Science Process

Exploratory
Data
Analysis

Raw
Data
Collected Processed

Clean
Dataset

Models &
Algorithms

Communicate
Data Visualize Make

Product - Decisions
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¢ Dudas, preguntas?
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